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Fig.4 Training Patterns.
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Fig.5 The three-component records, vector modulus

M(¢) and function F(z) of earthquake 1.
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Fig.7 The three-component records, vector modulus

M(¢) and function F(z) of earthquake 3.
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Fig.9 The three-component records, vector modulus

M(¢) and function F(¢) of earthquake 5.
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Fig.6 The three — component records, vector modulus

M(¢) and function F(z) of earthquake 2.

Fln) 1 L
vy ey
M)
z ~ AN AAA

E MYy YWY
N WMWW

1. I

0 10 20 30
t/s

M8 HEIHZH4HRALR . LTHR
M()F= &gk F(¢)

Fig.8 The three-component records, vector modulus

M(¢) and function F(¢) of earthquake 4.
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Fig.10 The three-component records, vector modulus

M(¢) and function F(¢) of earthquake 6.
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THE SEISMIC SIGNAL AND PHASE RECOGNITION BY USING ARTIFICIAL
NEURAL NETWORK THEORY

Zhang Fanmin Li Qinghe Zhang Yuansheng Shen Guoying Fan Bing
" (Lanzhou.Institute of Seismology, CSB, Lanzhou 730000)

Abstract
According to the theory of artificial neural networks, a preliminary study has been performed
1o test the ability of recognising seismic signals and phases by using artificial neural networks, and
the phase recognition has been achieved for three-component recordings by using vector modulus
of these seismic records as the network input. Results show that the method is very valid in the
determination of seismic phases and arrivals, especially for high signalnoise ratio records.
Key words Earthquake signal recognition method, Seismic phase, Arrival time, Artificial

neural network



